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Psychologists — from computational modellers to social and personality researchers to cognitive neu-
roscientists and from experimentalists to methodologists to theoreticians — can fall prey to exag-
gerated claims about artificial intelligence (AI). In social psychology, as in psychology generally, we
see arguments taken at face value for: z) the displacement of experimental participants with opaque
Al products; the outsourcing of ) programming, ) writing, and even d) scientific theorising to
such models; and the notion that ¢) human-technology interactions could be on the same footing
as human-human (e.g., client-therapist, student-teacher, patient-doctor, friendship, or romantic) re-
lationships. But if our colleagues are, accidentally or otherwise, promoting such ideas in exchange
for salary, grants, or citations, how are we as academic psychologists meant to react? Formal mod-
els, from statistics and computational methods broadly, have a potential obfuscatory power that is
weaponisable, laying serious traps for the uncritical adopters, with even the term ‘AI” having murky
referents. Herein, we concretise the term Al and counter the five related proposals above — from the
clearly insidious to those whose ethical neutrality is skin-deep and whose functionality is a mirage.
Ultimately, contemporary Al is research misconduct.
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In the 2010s, a crisis started in data-centric hyperempiricist
disciplines, infamously including social psychology (Baker, 20165
Sayre & Riegelman, 2018; Wasserstein & Lazar, 2016). The crisis
resulted in a loss of faith in our data, our use of statistical meth-
ods, and ultimately our published work (Ellemers, 2013; cf. Faye,
2012). Meanwhile, back at the server farm, another hyperempiri-
cist data-centric sea change unfolded — also in the 2010s, and also
spreading to many fields, starting with deep artificial network
models of vision and classification (Guest & Martin, 2025b). By
the 2020s, this technological shift had assimilated most of data
ever created in service of selling products that appear to out-
put so-called human-like text and images. These techniques are
dubbed artificial intelligence (AI)' and have made their way from
previously marginalised in academia to enriching those at the
highest rungs of power and to appearing everywhere from cars
to email applications and from schools to hospitals (viz. Avraami-
dou, 2024; Guest, Suarez, et al., 2025; Suarez et al., 2025). These
two forces have now met: Al solutionism has come for social psy-
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chology (Alfons and Welz, 2024; Cuskley et al., 2024; Demszky
etal., 2023; Karjus, 2024; cf. Rosenbusch etal., 2021; E. R. Smith,
1996).

Zooming out, psychology has history with methodological
missteps and statistical faux pas. These have most recently been
under the umbrella of the so-called replication crisis, where psy-
chological findings fell into dis(re)pute due to allegedly mis-
managed or fraudulent data, due to mechanical application of
methodology, and due to contrived experiments (Ellemers, 2013;
Flis, 2019; H. J. Forbes et al., 2023; Giner-Sorolla, 2019; Penning-
ton & Pownall, 2024; Pettit, 2024a; Rubin, 2025; Schiavone &
Vazire, 2023; Wasserstein & Lazar, 2016). Similarly, AI has not
been unaffected, suffering from comparable so-called crises (Al-
fons & Welz, 2024; Gibney, 2022; Gundersen & Kjensmo, 2018;
Hutson, 2018; Kapoor & Narayanan, 2023; Liao et al., 2021; Ma-
lik, 2020; Semmelrock et al., 2023; Varoquaux & Cheplygina,
2022; Verstynen & Kording, 2023). In addition, more serious
cases can be found in the more distant past, such as Ronald Fis-
cher claiming that smoking tobacco only correlates with lung
cancer, but does not cause it (Abdalla and Abdalla, 2021; Guest,

"For those not familiar with the history of the scientific field of Al,
and its boom and bust cycles for at least seven decades (Boden, 2006;
Guest & Martin, 2025b; Law, 2024; Lighthill et al., 1973; Olazaran, 1996;
Perez, 2002; P. Smith & Smith, 2024; Thornhill, 2025), ‘A’ may seem
a recent invention. However, such ahistorical perspectives serve only
those who are trying to sell you something, not the protection of science
(Guest, Suarez, et al., 2025).
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Table 1
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Core reasoning issues (first column), which we name after the relevant numbered section, are characterised using a plausible quote. In the
second column are responses per row; also see the named section for further reading, context, and explanations.

Uncritical Statement

CriticAL Al LITERACY

Possible Response

2) L1es, DAMNED LIES, AND
STATISTICS

“Al products are outside my
expertise, but I think it is useful
to deploy them.”

As a matter of fact these products are statistical models, akin to logistic regression, which all
psychologists even undergraduate students are required to have a familiarity with. Additionally,
itis required to know the differences between models used to perform statistical inference and
those that are models of cognition. As is knowing basic open science principles. Therefore, it
should come as no shock that assuming the mantle of the non-expert here is inappropriate, and
in fact may even be a form of QRP to abandon critical thinking.

3) DISPLACEMENT OF PARTICI-
PANTS

“I can use Al instead of par-
ticipants to perform tasks and
generate data.”

The providence of the data used in these models indicates it is not ethically sourced, falling
below standards for our discipline, involving sweatshop labour and no consent for private data
used in experiments. The output can contain direct original input data (i.e. double dipping),
but smoothed to remove outliers, conform to our pre-existing ideas of what it should look
like (data fabrication), and all-round irreplicable. Psychology is meant to study humans, not
patterns at the output of biased statistical models.

4) OUTSOURCING PROGRAM-
MING TO COMPANIES

“I can use Al for programming
experimental paradigms and
statistical analyses.”

This is an example of the field’s backsliding from adopting open science and programming
skills. No formal specification will be given for code generated from a corporate-owned opaque
model. The psychologist now has no reason to learn how to engineer software, and disturbingly
mightas well switch back to propriety software like SPSS which at least has documentation and
explicit versions. Code at the output will be plagiarised, making it time-consuming to check
compliance with our needs than if we wrote the code ourselves, and violating openness.

5) GHOSTWRITER IN THE Ma-
CHINE

“I can use Al for understanding
the literature and for scholarly
writing.”

This practice implicates a swathe of issues akin to automating the paper mill. First, the litera-
ture is screened by corporations, which have every reason to control the output of the model to
suit their needs or minimally to ignore output issues, such as sexism. Second, the fabrication of
non-existent citations which makes claims worse than baseless because they appear supported
by prior work. Third, the dislocation of text from the literature since no providence can be
established, resulting in plagiarism.

6) THE END OF SCIENTIFIC
THEORY

“I can outsource verbal theoris-
ing to Al or use it as a formal
cognitive model.”

This not only adds to the dislocation of work from its evidential and historical basis, but also
it impedes our theorising about phenomena and systems under study. In this context, we are
interested in human-understandable theory and theory-based models, not statistical models
which provide only a representation of the data. Scientific theories and models are only useful
if we, the scientists who build and use them, understand them in deep ways and they connect
transparently to research questions. Al product use is absconding scientific duty.

7) EQuivocaTioN oF HUMAN-
HumaN &« HumaN-Al

“I can study people using chat-
bots as if they are socially inter-
acting.”

Seeing client-therapist, student-teacher, patient-doctor, friendship, or romantic relationships
as equivalent to those between people and artifacts is both a form of dehumanisation and a
hollowing out of the target of study in social psychology: the relationship between people and
other people. It is important to study the relations between humanity and machines and the
social interactions mediated through technology — but to place interactions with chatbots in
the same category as those between people assumes and risks too much.
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Suarez, et al., 2025; Knoester et al., 2025; Stolley, 1991; cf. van den
Berg et al., 2024). Most serious are the eugenics roots of modern
statistics and psychometrics, which gave rise to pseudoscientific
theories like physiognomy and phrenology, which in turn pro-
vided scientific cover for racism, sexism, classism, ableism, and ul-
timately genocide (Black, 2012; Burke & Castaneda, 2007; Clay-
ton, 2020; Cowan, 1972; Gebru & Torres, 2024; Gould, 1981;
Norrgard, 2008; Paul, 2016; Reddy, 2007; Saini, 2019; S. M. Tay-
lor et al., 2023; Yakushko, 2019). This is the backdrop against
which modern social psychological tensions with artificial intel-
ligence unfold (Andrews et al., 2024; Benjamin, 2019; Birhane,
2022; Birhane & Guest, 20215 Black, 2012; Blas et al., 2025; Bren-
nan et al., 2025; Crawford, 20215 S. H. Forbes & Guest, 2025; Ge-
bru & Torres, 2024; Gleiberman, 2023; Guest, 2024, 2025; Guest,
Suarez, et al., 20255 McQuillan, 2025; Mirowski, 2023; Spanton
& Guest, 2022; van Rooij & Guest, 2025; van der Gun & Guest,
2024).

In this relationship between, on the one hand statistics, ma-
chine learning, and other algorithms and models that fall broadly
under the label ‘AT’, and on the other hand psychology generally,
similar issues continue to play out. It appears as if psychology
may have learned nothing from the past centuries (with eugenics)
and decade (with the replication crisis of the 2010s), maintain-
ing business as usual (cf. Faye, 2012). As we will unpack herein,
contemporary Al presents a totalising hyperempiricist statisti-
cal perspective on the field that directly holds back theory build-
ing, dehumanises participants and scientists alike, and introduces
multitudinous conflicts of interest. The single most important
perspective for a scientist to take is a sceptical and reflexive (viz.
Jamieson et al., 2023) one, the titular critical AI literacy (see Ta-
ble 1; S. H. Forbes and Guest, 2025; Guest, Suarez, et al., 202s;
Suarezetal., 2025; cf. Long and Magerko, 2020; Tully etal., 2025).
Such literacy is akin to knowledge of how to properly use infer-
ential statistics and thus avoid accidentally being fooled by the
results of our experiments in a flawed search for statistical signif-
icance.

To presage what is to come, we will show that Al destroys
trust in any science with which it comes into contact. “This trust
is earned by being transparent and by performing research that
is relevant, replicable, ethically sound and of rigorous method-
ological quality.” (Gopalakrishna et al., 2022) Contemporary Al
products and the companies that produce them violate all these
principles (e.g. Birhane et al., 20215 Crane, 2021; Gerdes, 2022;
Leech et al., 2024; Markov, 2024; Ochigame, 2019; Phan et al,,
2022). Technology companies, as we shall unpack below, enable
and enact misconduct such as fabrication of data, plagiarism, as
well as questionable research practises (QRPs) such as “inappro-
priate (harmful or dangerous) research methods[,] denying au-
thorship to contributors[,] poor data management and/or stor-
age[, and] non-disclosure of a conflict of interest” (Hiney, 2015,
p- 5)- But first, what is AI?

2 Lies, Damned Lies, and Statistics

Herein we take the stance that Al is most usefully seen as a
series of technology products that have the following properties:

* aresophisticated statistical models, so large they impact
humans and the environment through their energy, land,
and water use (Goetze, 2024; Luccioni et al., 2024; Marke-
lius et al., 2024; Parshley, 2024; Suarez et al., 2025; Tan,
2025);

* depend on vast swathes of data, which is mostly stolen
or otherwise unethically obtained or refined (Alba, 2023;
Bansal, 2025; Birhane, 2022; Birhane et al., 2023; Equidem,
2025; Perrigo, 2023; Vercellone & Di Stasio, 2023);

* can represent various statistical distributions and so can
be discriminative, generative, or neither (Efron, 1975;
Guest, Suarez, et al., 2025; Jebara, 2004; Mitchell, 1997; Ng
& Jordan, 2001; Xue & Titterington, 2008);

* existin a displacement relationship to humans, i.c. this
type of Al product is harmful to people, it contributes to
deskilling, and it obfuscates cognitive labour (Guest, 2025,

Table 1).

Bog standard spellcheck software, bubble sort algorithms, calcu-
lators, thermostats, and logistic regression do not fall under this
type of Al (Guest, 2025). What we call displacement Al clearly
descends from simpler statistical models all psychologists are ex-
pected to be familiar with, such as logistic regression, which is
the backbone mathematics of these types of artificial neural net-
works (Guest & Martin, 2023, 2025b; Guest, Suarez, et al., 2025).
All these statistical models — as any undergraduate knows, but
it bears repeating — are based on computing correlations, and so
taking the results at face value can trick us into mistaking corre-
lation for causation. In the case of displacement Al, it manifests
as thinking that correlation to human-like output is evidence for
the machine thinking for itself. However as Guest and Martin
(2023) explain: correlation is not cognition (also see Guest & Mar-
tin, 20254, 2025b; Guest, Scharfenberg, & van Rooij, 2025; van
Rooij & Guest, 2025; van Rooij etal., 2024b). This is a core fallacy
that motivates the dehumanisation, displacement, and deskilling
of people by Al that we will address below (Erscoi et al., 2023;
Guest, 2025). A related reasoning problem is to think that be-
cause such Al products — recall they are statistical models de-
signed to do this — appear to capture human-like output, that
they therefore constitute a psychological theory. As Guest and
Martin (2023, 2025b) and van Rooij and Guest (2025) warn, such
a reasoning error constitutes a hyperempiricist trap.

On a different tack, the magic bullet to the replication crisis of
the 2010s was open science (H. J. Forbes et al., 2023; Pennington
& Pownall, 2024; Schiavone & Vazire, 2023; Wills, 2019): an um-
brella term for a number of practices aimed at increasing access,
transparency, and accountability for scientific work, especially
for the statistical analysis of data (Mirowski, 2018; Whitaker &
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Guest, 2020). In stark contrast to openness of all kinds is the tech-
nology industry and their practices, models, and datasets (Dinge-
manse, 2025; Gerdes, 20225 Hao, 2025; Jackson, 2024; Liesen-
feld & Dingemanse, 2024; Liesenfeld et al., 2023; Maftulli, 2023;
Maris, 2025; Mirowski, 2023; Nolan, 2025; Ochigame, 2019; So-
laiman, 2023; Thorne, 2009; Widder et al., 2024). Notably, open
science of the 2010s failed to centre critical thinking, ethics, re-
flexivity, and theorising (Chambers, 2019; B. Clarke et al., 2024;
Criiwell et al., 2019; Field & Derksen, 2021; Giner-Sorolla, 2012;
Neuroskeptic, 2012; Skubera et al., 2025), leaving it no less vul-
nerable to the same problems as science broadly when it comes
to avoiding bad actors, including industry capture (e.g. Bak-
Coleman & Devezer, 2024; Crane, 20215 S. H. Forbes & Guest,
2025; S. H. Forbes et al., 2024; Gebru & Torres, 2024; Gerdes,
2022; Ghai et al.,, 2025; Guest, Suarez, et al., 2025; Jamieson
et al,, 2023; Liesenfeld & Dingemanse, 2024; Liesenfeld et al.,
2023; Mirowski, 2018, 2023; Morey & Davis-Stober, 2025; Patel
& Elkin, 2015; Pettit, 2024a; Phan et al., 2022; Whitaker & Guest,
2020).

The three aforementioned related themes sketched out in this
section, will play out in the Al-social psychology relationships we
will examine — namely:

a. misunderstanding of the statistical models which con-
stitute contemporary Al leading to inter alia thinking that
correlation implies causation (Guest, 2025; Guest & Mar-
tin, 2023, 20253, 2025b; Guest, Scharfenberg, & van Rooij,
2025; Guest, Suarez, et al., 2025);

b. confusion between statistical versus cognitive models
when it comes to their completely non-overlapping roles
when mediating between theory and observations (Guest
& Martin, 2021; Morgan & Morrison, 1999; Morrison &
Morgan, 1999; van Rooij & Baggio, 2021);

c. anti-open science practices, such as closed source code,
stolen and opaque collection and use of data, obfuscated
conflicts of interest, lack of accountability for models’
architectures, i.e. statistical methods and input-output
mappings are not well documented (Barlas et al., 2021
Birhane & McGann, 2024; Birhane et al., 2023; Crane,
20215 Gerdes, 20225 Guest & Martin, 2025b; Guest, Suarez,
etal., 2025; Liesenfeld & Dingemanse, 2024; Liesenfeld et
al., 2023; Mirowski, 2023; Ochigame, 2019; Thorne, 2009).

Being able to detect and counteract all these three together com-
prises the bedrock of skills in research methods in a time when AI
is used uncritically (see Table 1). The inverse: not noticing these
are at play, or even promoting them, could be seen as engaging in
questionable research practises (QRPs; Brooker & Allum, 2024;
Neoh etal., 2023; Rubin, 2023). Therefore, in the context of criti-
cal Alliteracy for social psychology, and indeed cognitive, neuro-,
and psychological sciences in general, the three points above serve
as totemic touchstones, as litmus tests for checking somebody’s
literacy in Al (Guest, 2024; Guest & Martin, 2021, 20253, 2025b;

Guest, Scharfenberg, & van Rooij, 2025; Guest, Suarez, et al.,
2025; Suarez et al.,, 20255 van Rooij & Baggio, 20215 van Rooij
& Guest, 2025; van Rooijj et al., 2024b). To wit, if somebody is
able to minimally articulate these three related issues, how they
manifest, and why they matter to our science, we can rest easy
they know the basics of how to critically evaluate Al products in
science.

3 Displacement of Participants

Many technological solutions to recruiting and managing par-
ticipants have been proposed: from original pen and paper sign
up sheets and physical bulletin boards to computer systems like
SONA, which digitised and automated some of these processes,
and then furthermore to platforms like Amazon’s Mechanical
Turk (MTurk), which allows participants to be outsourced to
sweatshops (e.g. C. A. Anderson et al., 2019; Douglas et al., 2023;
Gamblin et al., 2017; Gray & Suri, 2019; Hauser & Schwarz, 20165
Wagner et al., 2022). It may be the case that systems like M Turk,
which is named after the infamous pseudo-automaton which
beat Napoleon at chess (Manninger, 2024), indeed have clear
pros and cons, and are perhaps not inherently abusive. However,
they are clearly gper to abuse (C. A. Anderson et al., 2019; Guest,
2024; Newman, 2019; Pettit, 2024¢; Stephens, 2023). MTurk’s
namesake, the original Mechanical Turk, was a device that com-
prised a cupboard with a chess board on top and which across
the player sat an orientalist puppet. However much it may have
seemed the puppet played chess, it was instead a hidden human
who moved the pieces.

In the present, sweatshops based on Amazon’s MTurk tech-
nology undergird all modern Al products (Alba, 2023; Bansal,
2025; Equidem, 2025; Gershgorn, 2017; Gray & Suri, 2019; Man-
ninger, 2024; Perrigo, 2023; Stephens, 2023; Streitfeld, 2025; Suri,
2019; Yang et al., 2020). This human-in-the-loop technique has
had applications in the 2010s with deep artificial neural networks
that performed what is claimed to be human-like vision, and
in the 2020s with reinforcement learning from human feedback
(e.g. Birhaneetal., 2023; Guest & Martin, 2025b; Kirk et al., 2023;
Manninger, 202.4; Prabhu & Birhane, 20205 Suri, 2019).

The next iteration of this is to completely obfuscate the
human-in-the-loop (Guest, 2025; Guest & Martin, 20252
Shiffrin & Mitchell, 2023) and present Al products, such as those
powered by large language models (LLMs), as able to stand in
for, displace, human participants or their data (cf. Crockett &
Messeri, 2023; Dillion et al., 2023; Jamieson et al., 2023; Rilla et
al.,2025; Rossietal., 2024; Schréder etal., 2025). Thisis problem-
atic for many reasons (viz. Guest, Suarez, et al., 2025; van Rooij
& Guest, 2025), but some lesser discussed angles are that the AI
products cannot replace human participants but are merely «)
returning unethically sourced (pre-existing) human data (Alba,
2023; Bansal, 2025; Equidem, 2025; Guest, 202s; Perrigo, 2023).
And as such, &) these data have statistically unfavourable proper-
ties according to what are stated norms of the field, such as com-
prising double dipping (Y. Liu et al., 2024; Villalobos et al., 2024;
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cf. Balletal., 2020), smoothing over or completely removing out-
liers (An et al., 2025; Raman et al., 2025; cf. Valentine et al., 2021),
and HARKing (Ramnath et al., 202s; cf. Kerr, 1998).

The first reason mentioned for needing to avoid such Al prod-
ucts is entangled with ethical reasons to avoid sweatshop labour,
to avoid not being able to control (unlike in the lab and, to alesser
extent, with online experiments) that the experimental condi-
tions of the participants are inline with ethics and integrity guide-
lines or the law (e.g. American Psychological Association, 2017;
Belanger, 2025; Birhane et al., 2022; British Psychological Soci-
ety, 2021; Illinois Department of Financial and Professional Reg-
ulation, 2025; Warren, 2025). This is because, for example, an Al
product or company could contain or store personal and private
information from people who never consented for their data to
be reused this way, or it could contain data that was collected in
ways antithetical to ethical guidelines (Alba, 2023; Bansal, 202s;
Birhane et al., 20215 Burgess, 2025; Cox, 2025; Equidem, 20255
Fisher etal., 2025; Kira, 2024; Knight, 2023; Perrigo, 2023; Prabhu
& Birhane, 2020; Stokel-Walker, 2025; Stuart et al., 2019; Tanger-
mann, 2025).

For b, the case of violating desirable statistical norms and con-
duct: The output of LLM-based models is statistically errant, of
zero scientific quality, and would not qualify as participant data
under any sensible definition. It guarantees irreplicable results
(Bonifield, 2025; Gibney, 2022; Gundersen & Kjensmo, 2018;
Hutson, 2018; Kapoor & Narayanan, 2023; Liao et al., 2021; Ma-
lik, 2020; Semmelrock et al., 2023; Varoquaux & Cheplygina,
2022; Verstynen & Kording, 2023). Any correlations with high
quality data are caused by data leakage, the human-in-the-loop,
or user, and not because the system is human-like (Guest & Mar-
tin, 2023; van Rooij et al., 2024b); any so-called prompt is not
guaranteed to produce the same results because the Al is propri-
etary, operating using closed source and possibly undocumented
code and closed or even stolen data, as well as being stochastic
and data dependent.

These models are created to produce plausible output that
matches the user’s desires (Huntington, 2025; Reeves & Nass,
1996; Salecha et al., 2024; Sharma et al., 2025) — how much more
of an automated p-hacker could we ask for? Part of the spiral of
the 2010s crisis in social psychology was the revelation not only
that some were misusing statistics, but the explosive uncovering
that some were completely fabricating the data (e.g. Bhattachar-
jee, 2013).

What is most disparaging if we continue down this route, is
not only that it leads to data fabrication on steroids but that also
we will depend on a machine that, for lack of a less anthropomor-
phic term, lies, and lies about lying by design (Bender & Hanna,
2025; Bender et al., 2021; DeVrio et al., 2025; Edwards, 2023b;
Hicks et al., 2024; Metz, 2023; Xu et al., 2025; Zhao et al., 2025).
It deceives through the Eliza effect, the cognitive bias towards as-
signing human-like traits to chatbots (Borau, 202s; Dillon, 20205
Koike & Loughnan, 2021; Weizenbaum, 1966), and the Barnum-
Forer effect, the phenomenon where one thinks generic person-

ality descriptions that could apply to anybody, applies uniquely
to them (Bjarnason, 2023; Meehl, 1956; Vohs, 2016).

4 Outsourcing Programming to Companies

[Sanford’s mechanical vernier chronoscope] had
two pendulums, one set longer than the other but
both set at known lengths. When the stimulus
appeared, the longer pendulum was released me-
chanically. When the participant pressed the key in
response, the shorter pendulum was similarly re-
leased. By counting the number of swings it took
the shorter pendulum to catch up with the longer,
experimenters could use a mathematical formula
to calculate the difference in time between the two
events. (Evans, 2000, p. 322-323)

A century later, all this is now done by programming comput-
ers to display stimuli, and collect and analyse data. The largely
harmless and perhaps even beneficial (cf. Guest, 2025) transition
to computational experimentation, where all instruments (e.g.
EEG, fMR], eye-tracking) are hooked up to the codebase for run-
ning experiments and the database for storing participant data,
has been completed through: the adoption of programmes such
as SPSS for statistics (Landau & Everitt, 2003) and E-Prime for
presenting stimuli (Spapé et al., 2019); and training psychologists
to use programming languages (e.g. R, Python; British Psycho-
logical Society, 2017; Peirce et al., 2022). The last part, from the
mid 2010s onwards, where psychologists spent time and effort
learning how to program is a massively laudable case of reskilling
(N. D. Anderson, 2016; Guest & Forbes, 2024; Scherer et al.,
2019).

From the 2020s, however with the rise of the kinds of Al prod-
ucts we critique herein, this is under threat. If scientists accept
the AI “snakeoil” and “con” (Bender & Hanna, 2025; Bjarnason,
2023; Narayanan & Kapoor, 2024) and use it to deskill themselves
from learning proper programming, then code reproducibility
and verifiability are lost causes; not just short-lived, dead on ar-
rival (Becker et al., 2025a). If the code is for running experiments,
strange side-effects will be present from so-called ‘vibe coding’
(Harkar, 2025), which is ‘programming’ using a chatbot such
that nothing is checked or verified against software engineering
principles and only the output being seen as acceptable under a
small sample of conditions is evaluated. This means that because
standards are ignored and best practises are violated the stimuli
may be presented in the wrong order, participant data may not
be properly or securely saved, and the code may be unmaintain-
able (Burgess, 2023, 2025; El-Mhamdi et al., 2022; Greshake etal.,
2023; Ming, 2025; Tangermann, 2025). And the same is true for
this non-engineered code in the case of analysing data, which will
not only 7ot be analysed, but open to all sorts of bugs. To add in-
sultto injury, because the scientist is not practising programming
or never learned how to code, all this will be outside their skill
level and they will be unable to detect and fix these issues (Becker
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et al., 2025a, 2025b; Bucaioni et al., 2024; Goel, 2025; Hsu, 2025;
Jj> 20255 Lehmann et al,, 2025; Ming, 2025). Furthermore, as we
shall see in the next section the datasets (programming code, jour-
nal articles and books, and many other sources) used to build
these models, and the way they are used, result in the Al prod-
uct reproducing at the output plagiarised versions of the input
(Biderman & Raff, 2022; Carlini et al., 2021; Kwon, 2024; Mont-
gomery & agencies, 2025; Nasr et al., 2023; Reisner, 20255 Schmid
et al., 2025; van Rooij, 2022). This risks violating the consent of
the original programmers, untethering our code from the litera-
ture that produced snippets or large parts of it, and committing
various other QRDPs.

As Danielle Navarro (2015) says about shortcuts through us-
ing inappropriate technology, which chatbots are, we end up dig-
ging ourselves into “a very deep hole.” She goes on to explain:

The business model here is to suck you in during
your student days, and then leave you dependent on
their tools when you go out into the real world. [...]
And you can avoid it: if you make use of packages
like R that are open source and free, you never get
trapped having to pay exorbitant licensing fees. (pp.
37-38)

These were and are the reasons to switch from e.g. SPSS, which is
owned by IBM, to R or Python (Wills, 2019). The same and more
hold for being locked in and addicted to Al products, which have
closed or industry-controlled source code (Hao, 2025; Liesen-
feld & Dingemanse, 2024; Liesenfeld et al., 2023; Maftulli, 2023;
Maris, 2025; Mirowski, 2023; Solaiman, 2023) , and mislead us
into overestimating our programming abilities (Lehmann et al.,
2025).

s Ghostwriter in the Machine

A unique selling point of these systems is conversing and writ-
ing in a human-like way. This is imminently understandable, al-
though wrong-headed, when one realises these are systems that
essentially function as lossy* content-addressable memory: when
input is given, the output generated by the model is text that
stochastically matches the input text. The reason text at the out-
put looks novel is because by design the Al product performs
an automated version of what is known as mosaic or patchwork
plagiarism (Bazdari¢, 2013) — due to the nature of input mask-
ing and next token prediction, the output essentially uses simi-
lar words in similar orders to what it has been exposed to. This
makes the automated flagging of plagiarism unlikely, which is
also true when students or colleagues perform this type of copy-
paste and then thesaurus trick, and true when so-called AT pla-
giarism detectors falsely claim to detect Al-produced text (Ed-
wards, 2023a). This aspect of LLM-based Al products can be
seen as an automation of plagiarism and especially of the re-
search paper mill (Guest, 2025; Guest, Suarez, et al., 2025; van
Rooij, 2022): the “churn[ing] out [of] fake or poor-quality jour-
nal papers” (Sanderson, 2024; Committee on Publication Ethics,

2024). Other aspects, such as the fabrication of non-existent ref-
erences, and indeed the lack of any reading (since these systems
do not read), detach any LLM output from the literature, thus
violating scholarly standards (Guest, Suarez, et al., 2025; Lawson
etal., 2025).

In addition, who is held accountable if nobody with intent
authored the text? Because while the original data fed into the
system is certainly written with goals, messages, and audiences in
mind jumbling this into ad-libbed word salad removes authorial
intent (Bender et al.,, 2021). So do the companies who own the
chatbot own the text or do the original authors? These questions
denote legal battles, which are being currently foughtin the pub-
lic eye and which affect all of us in all roles, not just as academics
(Creamer, 2025; Knibbs, 2024; Reuters, 2025). Either way, even if
the courts decide in the favour of companies, we should not allow
these companies with vested interests to write our papers (Fisher
et al,, 2025), or to filter what we include in our papers. Because
it is not the case that we only operate based on legal precedents,
but also on our own ethical values and scientific integrity codes
(ALLEA, 2023; KNAW etal., 2018), and we have a direct duty to
protect, as with previous crises and in general, the literature from
pollution. In other words, the same issues as in previous sections
play out here, where essentially now every paper produced using
chatbot output must declare a conflict of interest, since the out-
put text can be biased in subtle or direct ways by the company
who owns the bot (see Table 2).

Seen in the right light — AI products understood as content-
addressable systems — we see that framing the user, the academic
in this case, as the creator of the bot’s output is misplaced. The
input does not cause the output in an authorial sense, much like
input to a library search engine does not cause relevant articles
and books to be written (Guest, 2025). The respective authors
wrote those, not the search query!

6 The End of Scientific Theory

Marginalisation of scientific theorising in psychology has a
long history, and is related to the medicalisation of psychology
(Ellemers, 2013; Pettit, 2024b). This history allows a partial ge-
nealogy on why methodologies, such as from clinical trials, like
preregistration, are imported to psychological science (Bakan,
1966). In fact, these methods are not scientific per se, but appro-
priate constraints for medical research which has important dif-
ferences with basic science (cf. Calvert, 2006; Mayo-Wilson et al.,
2025; Pielke Jr, 2012).

Fundamental research in basic science (third row, Table 2)
does not set out with a goal, such as to develop a medication
or engineer a specific result (Devezer et al., 20215 Ellemers, 2013;
Pham & Oh, 2021; Rubin & Donkin, 2024; Szollosi et al., 2020).
In contrast, because experiments run by companies with the goal

*The opposite of lossless, which in a formal information theoretical
context means that data is stored in a compressed format such that the
original information is unrecoverable.
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Table 2

What the landscape of research in psychology looks like with respect to clinical versus basic science in terms of interference, constraints, and

outputs.
GoALS & CONSTRAINTS IN PSYCHOLOGY
Research Interference & Incentives Required Constraints Desired Output
Pharmaceutical & healthcare industries, .
: ; Products & services:
health insurance companies. . . . .
CLINICAL Clinical trials, control groups, preregis- medications, thera-
L . . tration, & other legal instruments. pies, devices, certifi-
Funding is output-oriented, industry
cates.
prefers closed or controlled knowledge.
Al companies, general, educational &
research technology industries. Ethical review boards, self-governed
Bortu codes of conduct, disclosure of conflicts
Profit, reputation, theft of cognitive of interest.
labour.
All the above, especially if academic Worst case: None, but basic science is .
Knowledge: theories,
freedom under threat. over. : o
understanding, criti-
FUNDAMENTAL

Personal edification, fame, but also
openness and collaboration.

. . cal thinking, impartial
Best case: Limit technologies & reverse & 1mp

. expert analyses.
hollowing out of our freedoms.

of delivering a medical product to market have a biased incen-
tive structure (first row, Table 2), with significant conflicts of in-
terest, clinical trials are regulated (Bhatt, 2010; European Union,
2022; Guest, 2024; Patel & Elkin, 2015; Rhee & Wilkinson, 2020
U.S. Food and Drug Administration, 2024; Washington, 2006).
Clinical trials, and furthermore preregistration thereof, were de-
vised because otherwise there is an understandable and expected
— maybe even required for good healthcare — cognitive bias
to want to see patients recover, as well as in the present severe
industry pressure to peddle pharmaceutical products for profit.
These factors are not at play when there is no external interfer-
ence or requirement for patient care, as in basic science. Non-
proceduralised, substantive explorations are provably necessary
for science (Rich etal., 2021; van Rooij et al., 2024b). The chaotic
human preferences for going down rabbit holes and supporting
ideas with evidence, formalism, and argument are the beauty of
scholarly work (Guest, 2024).

Herein our focus is on properly protecting our science, which
aims to develop, discard, and evaluate theories: our explanations,
descriptions, and understandings of the cognitive, neuroscien-
tific, and psychological worlds. While conceptually these two
types of psychological research — applied clinical science versus
fundamental science — are by no means zero sum, it is the case

that practitioners’ time is and therefore their skill sets can be. So
when doing fundamental research we must exercise our academic
freedoms to keep private interests at bay. This means that it is
up to us to not only state conflicts of interest (Guest & Mar-
tin, 2025b; Guest, Suarez, et al., 2025; KNAW et al., 2018), but
to think deeply about what it means to have a conflict in a time
where industry hype along with universities promote and in fact
coerce the use of Al products: from writing our peer reviews and
proposals, performing our literary search and review, and author-
ing scholarly articles for us, to creating our theories and testing
them for us!

As others have made the explicit parallel before (Abdalla &
Abdalla, 20215 Guest, Suarez, et al., 2025), our current entangle-
ment with the technology sector is not far off from those of the
tobacco or petroleum companies interference in basic research
(Atkin, 20255 Knoester et al., 2025; Stolley, 19915 van den Berg et
al., 2024). Unlike the pharmaceutical industry which produces
medications and has severe legal oversight in principle, the so-
called educational and research technology sectors have nothing
of the sort (Drimmer & Nygren, 2025; Watters, 2023). And they
also — despite their marketing and hype to the contrary — do noz
produce pedagogical and scholarly outputs, we do. These com-
panies have a long history of labour theft and siphoning oft of
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taxpayer money. What sense does it make to allow them to write
our theories for us? Such theories, if they can be called theories,
cannot be ‘good’ in any reasonable sense (Guest, 2024; Guest &
Martin, 2023; van Rooij & Guest, 2025; van Rooij et al., 2024a).

If theory constitution (seeing an Al product as embodying a
theory) or formal or informal articulation (allowing an AI prod-
uct to ‘write’ verbal and formal theories; cf. Guest & Martin,
2023; van Rooij & Guest, 2025) is permitted, then not only are
companies expressing our scientific ideas for us, they control
them (Guest, 2025; Guest, Suarez, et al., 2025). Science is un-
der full corporate capture (third row, worse case, Table 2), no
new independent, impartial, transparent, or publicly-owned and
-funded knowledge production can happen. Open science ends,
and in fact science itself is merely a shadow of its former self;
with knowledge only released when it favours profit with no safe-
guards against it accurately matching the world. Everything is
p-hacked, everything is HARKed, everything is double-dipped.
Nothing is new, nothing is independently verifiable.

7 Equivocation of Human-Human & Human-Al

AT products enact direct dehumanisation, intrinsic psycho-
logical harm to children, patients, and other vulnerable popu-
lations, resulting in grave consequences such as causing severe
mental illness, pushing people to suicide, recommending ille-
gal drug use, and sanctioning murder (Abrams, 2025; Aking-
bola et al., 2024; Bellan, 2025; Bender, 2024; Borau, 2025; Brod-
erick, 2025; Chen et al., 2023; Dang & Liu, 2025; Dupré, 20253
Eichenberger et al., 2025; Horwitz, 2025; Huntington, 202s; Jar-
gon & Kessler, 20255 Kaplan, 2024; Kim & McGill, 2025; Klee,
2025; Koike & Loughnan, 2021; Landymore, 2025; Laricheva et
al., 2024; Montgomery, 2024; Morrin et al., 2025; Neville, 2025;
Omar et al., 2025; Pejcha, 2023; Purtill, 2025; Rajkumar, 2025;
Reiley, 20255 Roose, 2024; Schoene & Canca, 20255 J. Taylor,
2025; Tiku, 20253, 2025b; Warzel, 20255 Wei, 2025; Xiang, 2023).

ChatGPT doesn’t offer genuine emotional attune-
ment. It cannot replicate the human connection
necessary for healing. More dangerously, it can de-
lay access to professional help. People think they’re
improving, but often they’re not. (Shmais, 202s,
n.p. also Akingbola et al., 2024; Al-Sibai, 2025; L.
Clarke, 2025; Lebovitz et al., 2021; Turkle, 2015;
Turkle et al., 2006)

The focus here is the effect that confusing human-object with
human-human has if normalised for social psychological scien-
tific practice (e.g. Goff et al., 2014; cf. Appelman, 2023; BBC
News, 2021; Grant and Hill, 2023; Hern, 2018; Neville, 2025).
Typical cases are when displacements happen in the relation-
ship between client and therapist, student and teacher, patient
and doctor — and perhaps most shockingly between friends or
romantic partners — and when academics see these displace-
ments as acceptable (Akingbola et al., 2024; Bender, 2024; Chen
et al., 2023; Dang & Liu, 2025; Kim & McGill, 2025; Koike &

Loughnan, 2025; Litwack, 2024; Oldfield, 2023; Vanman & Kap-
pas, 2019). These are not social interactions. They are human-
computer interactions, many of which are extremely harmful,
and need to be analysed and studied as such (cf. cyberpsychol-
ogy, Kirwan et al., 2024; digital ethnography, Markham, 1998).
Any other conception, which grants humanity to an inanimate
object serves the technology and insurance sectors, who want to
save money at the expense of vulnerable groups (O’Neil, 2016).
Importantly, supporting evidence for the usefulness, effective-
ness, or safety of Al products in such relationships often violate
scientific practice, such as avoiding reporting conflicts of inter-
est (Alien Technology Transfer, 2025; Baumard, 2023; Bunka.ai
Team, 2025; Guingrich and Graziano, 2023; Safra et al., 20205
The Luddite, 2024; cf. Guest and Martin, 2025b; Silverstein et
al., 2024; Spanton and Guest, 2022).

These problematic beliefs exist on a spectrum, from the as-
sumption that Al products can help in mental health (e.g. De-
hbozorgi et al., 2025; Siddals et al., 2024; Wellcome, 2025) to the
assertion that a chatbot can e a therapist (Kilgore, 2025), which
is a regulated profession (e.g. European Federation of Psycholo-
gists’ Associations, 2025) with codes of ethics (e.g. American Psy-
chological Association, 2017; British Psychological Society, 2021).
Proponents of these beliefs use the guise of labour shortages and
the global mental health crisis (Kaplan, 2024), as cover to deskill
(for an alarming case, see Budzy1 et al., 2025; also Akingbola et
al., 2024; Lebovitz et al., 2021), contributing to the polycrises the
technology industry and their allies uniquely profit from (Mc-
Connell & Jacobs, 2025).

All AL, and indeed any technology in mental or other health-
care settings requires “keeping users safe [and this in turn] re-
quires substantial input from clinicians and careful planning to
reduce risk.” (Abrams, 2025) This is key because it is not possi-
ble to keep people safe without a highly qualified human-in-the-
loop (Amironesei et al., 2021; El-Mhamdi et al., 2022; T. Liu et
al., 2025; Salecha et al., 202.4; Sharma et al., 2025; Weidinger et al.,
2022) and even then the risk of deskilling is present (e.g. Budzyn
et al,, 2025; recall section 4: Outsourcing Programming to Com-
panies). Relatedly, and taking the example of the therapist-client
relationship, dehumanising parallels encoded in expressions such
as: “the country needs all the quality therapists we can get —
be they human or bot” (Riddle, 2025) cannot become normal
in our scientific discussions. No therapist under proper ethical
functioning would cause their client to be addicted to their ther-
apy (Huntington, 2025) nor would they, as in the Replika exam-
ple (The Luddite, 2024), introduce a sexual relationship between
them and their client (Pettit, 2024b). Any such suggestions to
use a chatbot as a therapist would go against professional codes
of conduct and possibly the law (e.g. Abraham, 2002; American
Psychological Association, 2017; Belanger, 2025; British Psycho-
logical Society, 20215 Cole, 2025; Illinois Department of Financial
and Professional Regulation, 2025; Mental health Foundation,
2022).

Finally, as scientists we have to analyse situations carefully, so
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we must be critical when we see statements such as: “It’s worth
noting that Al can pass the clinical social worker exam — even
without seeing the questions. But that shows the weaknesses of
exams more than the strength of AI” (Caldwell, 2024, n.p.). An
AT product passing an exam means nothing about the “weak-
nesses” of exams in the abstract. Anybody can ‘win’ a marathon if
driven by car. Does that make it a weakness of the marathon race
as an endurance event? Or does it reflect a deeper category error
on our behalf, like with the misapplication of statistical tests, that
an assumption has been violated? The race as the exam assumes
an unaided human performs it. Any digital computer can sur-
pass a human at many feats, e.g. calculations per second, but that
grants no humanity to the machine.

8 Do not Embrace Al

In this paper, we unpacked why we think psychologists need
to be on high alert — not just to avoid another replication crisis,
but to avoid the total collapse of our science. What we signpost
in Table 1 may have been novel to readers until this point, but
the deeper problems are absolutely known. Also, as Crystal Stel-
tenpohl et al. (2023, pp. 9-10) state: “Intentions alone are not
enough to move science forward. Creating responsible, consid-
ered processes for rigorously transparent open science requires
involving interested parties from a wide range of backgrounds,
perspectives, research areas, and training paradigms.”

Indeed, because many such warnings go unheeded — such as
the need for a cultivation of shared values and especially the prin-
ciples of impartiality of researchers and academic freedom from
corporate influence — we find ourselves in polycrises that affect
our universities, political systems, planet, and ultimately all hu-
manity. “When historians of science look back on the 2010s in
social and personality psychology, the decade will likely stand out
as a period of exceptional doubt and self-scrutiny in the field.”
(Schiavone & Vazire, 2023, p. 710) Why did we ever stop? Should
we ever stop?

Importantly, Hazel Rose Markus (2005, p. 180, emphasis
added) explains that: “Social psychology is often defined as the
study of how people respond to and are influenced by other people”
Algorithms, chatbots, LLMs, machines, models, inanimate ob-
jects are not people — they are the products of people (Guest,
2024, 2025). And to paraphrase Rae Carlson (1984): What’s so-
cial about chatbots? Where's the person in an LLM?

We must sure up our subfields from the slow but certain cor-
rosive power wielded by the harmful nonsense that is modern
displacement Al To sit idly by while deskilling and displacing of
our students, participants, and selves is normalised — or worse
still to profit from it — serves not science but the technology sec-
tor, which avoids criticism and self-reflection and prefers pseu-
doscience and misinformation.
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